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Abstract: To solve the problem of quickly obtaining the optimal ranking result in the crowdsourcing result aggregation,
an efficient and effective aggregation algorithm of Worker’s weight was proposed. The Worker’s weight optimization
model based on differential evolution algorithm focused on the uncertainties and differences of Workers completing
ranking tasks, the uncertainties and differences were reflected in the objective function and constraint conditions of the
model. This model obtained the optimal weight of candidate results, and maximized the matching between Worker’s
weight and result performance. Then, the optimization model solving method based on Top-k ranking was proposed to
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the simulation results, and the comparison with the relevant algorithms shows the optimal comprehensive performance of
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